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Abstract:

This study aims to examine the role of behavioral intention to adopt Electronic Human Resource
Management (E-HRM) in enhancing job satisfaction within Saudi small and medium-sized enterprises
(SMEs), through the mediation role of work engagement. Specifically, it investigates the impact of
factors from the UTAUT model (performance expectancy, facilitating conditions, effort expectancy,
and social influence) on employees’ behavioral intention (BI) to adopt E-HRM, examining how these
intentions influence work engagement and, in turn, job satisfaction. Data were collected using a survey
distributed to employees working in different Saudi SMEs, with a total of 150 respondents participating
in the study. Data analysis was conducted via structural equation modeling (SEM) using SPSS and
SMART-PLS3. Findings reveal that social influence is the strongest predictor of BI, significantly
driving work engagement and leading to increased job satisfaction. However, facilitating conditions
were not found to have a significant impact on BI. In addition, behavioral intention has a significant
positive effect on work engagement, and work engagement has a significant positive effect on job
satisfaction. Further, work engagement fully mediates the positive relationship between behavioral
intention and job satisfaction. The study underscores the importance of psychological and social factors
in shaping employee behaviors, offering critical insights for HR strategies that can help in improving
job satisfaction and work engagement.
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1. Introduction

Today’s work environment requires having a deep understanding of the primary factors af-
fecting behavior due to its direct relationship with job satisfaction and work engagement. Job
requirements are changing regularly and the adaptation to new technologies like Electronic Hu-
man Resource Management (E-HRM) has become a necessity (Ahmed, 2019). Therefore, the
impact of social environment and expectations on determining employees’ actions and inten-
tions, should be investigated. According to Almaaitah et al. (2024), E-HRM includes e-recruit-
ment, e-selection, e-training, e-development, e-performance appraisal, and e-compensation.
Through using technology such as databases, software, and cloud platforms for employee data
management and administrative tasks of HR, E-HRM has a critical role in improving efficiency
of operations, performance of employee as well as making effective decisions (Mugaddim and
Hosain, 2021; Oyoru, 2023). According to Berber et al. (2018), E-HRM is considered an inno-
vation that develops, moves, and simplifies HRM practices for the HR department, managers,
and employees. Nyathi and Kekwaletswe (2023a) also indicated that while E-HRM is still at
its initial stages among African countries, it positively affects performance of employee and
organizations.

Different key factors of the Unified Theory of Acceptance and Use of Technology (UTAUT)
such as facilitating conditions, social influence, effort expectancy, and performance expectancy,
play an integral role in demonstrating how employees decide to engage in particular behaviors
at the workplace or adopt a new technology (i.e., E-HRM) (Permatasari et al., 2022; Fraij,
2022). Based on the UTAUT, expectations regarding effort and performance are essential to
determine whether technologies or new behaviors are adopted by employees in the work envi-
ronment (Venkatesh et al., 2003). Moreover, employee decisions are significantly influenced
by workplace culture, peer interactions, and social influence. Behavioral intention is affect-
ed by facilitating conditions, including support and availability of resources (Catherine et al.,
2017). Catherine et al. (2017) found strong positive associations among performance expec-
tancy, facilitating conditions, effort expectancy, and social influence, identifying these factors
as determinants of BIs for employing ATMs with authentication via fingerprints in Ugandan
banks. However, findings of Alkhwaldi et al. (2023), from four different public organizations
in Jordan, revealed that within the UTAUT framework, performance expectancy, facilitating
conditions, and social influence significantly influence users’ Bl to adopt human resources in-
formation systems (HRIS), while effort expectancy had no significant impact.

In the context of E-HRM implementation in small and medium-sized enterprises (SMEs),
performance expectancy is of pivotal importance since people are more likely to use E-HRM
systems if they feel that the technology will improve their job performance despite the limited
resource constraints (Al-Ajlouni et al., 2019; Wongras and Tanantong, 2023). Al-Ajlouni et
al. (2019) argued that performance expectancy and facilitating conditions, including access to
training and technical support, are essential determinants of system adoption. In contrast, effort
expectancy is seen to have a relatively weak influence, with employees valuing the system’s
efficiency and support availability over ease of use. Social influence, the pressure from peers
and managers, has a great impact on employees to implement E-HRM systems within SMEs
(Anjum and Islam, 2020). With the smaller organizational size and the closer working relation-
ships of SMEs, the influence of social influence is intensified. Employees tend to seek advice
from managers or colleagues about using new technology. This is supported by the study of
Alkhwaldi et al. (2023), where social influence plays a significant role in the implementation
of E-HRM in such setups. Hence, even though ease of use is viewed playing a lower role, the
overall benefits related to performance, organizational support, and social relationships within
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SMEs play key roles in the implementation of E-HRM systems.

The direct relationship between these variables and BI to adopt E-HRM was examined by
previous studies (Anjum and Islam, 2020; Permatasari et al., 2022; Fraij, 2022). However, the
impact of these factors collectively on job satisfaction and work engagement has received less
attention, specifically when work engagement serves as a mediator. The level of commitment
and eagerness employees bring to their jobs refers to work engagement, through which long-
term job satisfaction is strongly predicted (Schaufeli et al., 2006). Not only is the overall orga-
nizational success dependent on job satisfaction but also employee retention and productivity.
According to Ibrahim and Hussein (2024) and Arifin et al. (2019), employees’ intention to
successfully embrace and implement workplace technology (i.e., E-HRM) is closely linked to
their level of work engagement, which is well-defined by their vigor, dedication, and absorption
in their duties and responsibilities.

E-HRM is acknowledged to deliver five major workplace benefits: engaging work, infor-
mation accessibility, employee engagement, self-sufficiency, and improved visibility. Using
technology in HRM frees up employees and enhances their job satisfaction by removing repet-
itive tasks (Nyathi and Kekwaletswe, 2023b). Research has consistently shown that E-HRM
positively influences job satisfaction through employee engagement. Favorable feelings, closer
relationships with coworkers, and a better sense of purpose in their work are all factors of em-
ployees’ engagement that cause their job satisfaction (Vorina et al., 2017). However, according
to Halder et al. (2024), programs of E-HRM can alter work patterns of employees, which could
result in a rise or fall in job satisfaction. Adjusting to new practices and routines may add to
workload and stress, contributing to dissatisfaction with job

Although the literature has given significant focus to the direct impact of e-HRM on work
engagement and job satisfaction, the mediational role of work engagement is still not explored
on a large scale. Several works have given a target to job satisfaction as a mediator, especially
how E-HRM improves the level of job satisfaction that leads to increased engagements (Sha-
maileh et al., 2023; Bellani et al., 2017). This perspective overlooks the possibility that work
engagement may, in fact, serve as the key mediating variable through which e-HRM impacts
job satisfaction. This study contributes to prior studies by bridging this gap, especially in Saudi
small and medium-sized enterprises (SMEs), which they have unique cultural and organization-
al differences. They also face specific challenges such as resource limitations and less formal
structures, which would strengthen the role of work engagement in enhancing job satisfaction.

Therefore, this study aims to examine how different factors of UTAUT model (performance
expectancy, effort expectancy, social influence, and facilitating conditions) are linked with be-
havioral intention. Moreover, it demonstrates how job satisfaction and work engagement are
affected by behavioral intention. In addition, in contrast to most prior studies, it investigates the
mediating role of work engagement in the relationship between behavioral intention and job
satisfaction. In this study, using structural equation modeling (SEM) to analyze data collected
from employees working in different Saudi SMEs, the results indicate that social influence is
the strongest predictor of BI, significantly driving work engagement and leading to increased
job satisfaction. However, facilitating conditions were not found to have a significant impact on
BI. In addition, work engagement fully mediates the positive relationship between behavioral
intention and job satisfaction. The results of this study can play a major role in helping organi-
zations understand how employee expectations and social influence affect job satisfaction and
work engagement. Furthermore, the findings can help them enhance their resources.
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2. Literature review and Hypotheses Development
2.1 Electronic Human Resource Management (E-HRM) and Unified Theory of Acceptance and Use
of Technology (UTAUT)

In today’s digital era, many organizations are transitioning to technology-based solutions
for Human Resource Management (HRM) functions, leading to the adoption of Electronic
HRM (E-HRM) (Ahmed, 2019). E-HRM refers to the implementation of technology-based
HR systems that facilitate the management of HR processes and services within organizations.
According to Almaaitah et al. (2024), E-HRM includes e-recruitment, e-selection, e-training,
e-development, e-performance appraisal, and e-compensation. Through using technology such
as databases, software, and cloud platforms for employee data management and administrative
tasks of HR, E-HRM has a critical role in improving efficiency of operations, performance of
employee as well as making effective decisions. According to Berber et al. (2018), E-HRM
is considered an innovation that develops, moves, and simplifies HRM practices for the HR
department, managers, and employees. Nyathi and Kekwaletswe (2023a) indicated that while
E-HRM is still at its initial stages among African countries, it positively affects performance of
employee and organizations.

Recent empirical evidence further underscores the importance of user perceptions and or-
ganizational readiness in E-HRM implementation. Amoako et al. (2023) investigated E-HRM
adoption in public sector organizations within an emerging economy by integrating the Tech-
nology Acceptance Model (TAM) and Innovation Diffusion Model (IDM). Their findings high-
lighted that perceived ease of use, perceived usefulness, compatibility, self-efticacy, and facil-
itating conditions significantly influenced the intention to implement E-HRM. In particular,
compatibility and ease of use were strong predictors of perceived usefulness, emphasizing that
successful E-HRM implementation depends not only on technological capability but also on
aligning systems with existing organizational practices and employee competencies.

The Unified Theory of Acceptance and Use of Technology (UTAUT), established by Ven-
katesh et al. (2003), on the other hand, offers a conceptual framework which explains the de-
terminants of acceptance and use of technology for individuals. UTAUT identifies four key
determinants of behavioral intention (BI) to adopt technology: performance expectancy, ef-
fort expectancy, social influence, and facilitating conditions. These determinants are critical
to comprehending employees’ choice, particularly in SMEs, whether to use E-HRM technol-
ogies, which affect their performance and job satisfaction. E-HRM can be particularly helpful
in SMEs, where they have limited resources, in streamlining procedures and minimizing the
workload for HR departments (Al-Ajlouni et al., 2019).

Building on this, Noerman et al. (2021) explored employees’ continuous intention to use
E-HRM by integrating TAM with the Cognitive Model. Their findings revealed that subjec-
tive norms significantly influenced both perceived innovativeness and ongoing use intentions.
Moreover, perceived innovativeness had a direct and positive effect on user satisfaction and
sustained system use. Interestingly, behavioral control and satisfaction were not significant
predictors of continued use, suggesting that in dynamic organizational environments, social
perceptions and innovative value outweigh individual control or emotional investment. These
insights highlight the potential limitations of UTAUTs original constructs and point to the val-
ue of integrating additional psychological and cognitive factors when investigating long-term
adoption behaviors in E-HRM contexts.

While UTAUT offers a robust framework for predicting technology acceptance, it is also
essential to consider organizational culture and leadership dynamics that influence E-HRM
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adoption, particularly in specialized or traditional sectors. In this regard, Theotokas et al. (2024)
examined the relationship between digital innovation and E-HRM digitalization in the shipping
industry, emphasizing the role of corporate culture, cultural intelligence, and leadership. Their
mixed-methods research revealed that digital culture and digital leadership were critical en-
ablers of successful E-HRM transformation. Furthermore, organizational cultural intelligence,
defined as the ability to understand and respond to diverse cultural contexts within the work-
place, had a significant impact on E-HRM adoption outcomes. These findings suggest that
beyond individual perceptions and system features, institutional readiness and leadership com-
mitment are indispensable for driving digital HR transformation, especially in sectors where
tradition and hierarchy are deeply embedded.

These findings collectively reinforce the importance of aligning E-HRM implementation
with not only technological and individual factors but also contextual influences such as cul-
tural norms, organizational structures, and industry-specific challenges. Alsheikh et al. (2024)
contributed to this discourse by investigating employees’ behavioral intentions to use E-HRM
in the hospitality industry, a sector known for its high employee turnover and operational com-
plexity. Using the TAM framework, they found that perceived usefulness, ease of use, trust, and
subjective norms significantly influenced behavioral intention. Notably, trust emerged as a crit-
ical determinant, indicating that employees are more inclined to adopt E-HRM when they be-
lieve the system is reliable and enhances their ability to manage job-related stress. However, the
study also noted that only half of the hypothesized moderator effects were supported, revealing
the variability of contextual and individual influences. These outcomes suggest the need for
deeper investigation into the unique cultural and operational dynamics shaping E-HRM accep-
tance, particularly in environments such as Saudi SMEs, where social and structural features
differ markedly from those of large enterprises or Western economies.

Sachitra and Wimalasena (2024) investigated the factors affecting the intentions to adopt
a Human Resource Management Information System in a particular public company in Sri
Lanka. Their study used factors of the UTAUT and Task Technology Fit frameworks to explore
six factors: performance expectancy, social impact, effort expectancy, facilitating conditions,
technology characteristics, and task characteristics. A Web-based questionnaire was adminis-
tered to the supervisors, executives, clerical staff, and other personnel of the organization. The
results indicated that the intentions to adopt HRMIS were positively affected by performance
expectancy, technology characteristics, and task characteristics, while negatively affected by
effort expectancy, social impact, and facilitating conditions. Interestingly, these negative effects
contrasts with traditional UTAUT assumptions and may reflect sector-specific barriers such as
hierarchical rigidity, inadequate digital training, or cultural resistance to externally imposed
systems. These findings highlight the need to consider institutional and organizational readi-
ness when interpreting UTAUT variables across sectors.

Shahreki et al. (2020) investigated the relationships between clarity of e-HRM goals, per-
ceived usefulness, social influence, user support, user satisfaction, and ease of use, as well as
the effect of these factors on the attitudes of HR professionals toward e-HRM. The data was
gathered, through using the Technology Acceptance Model (TAM), from 167 HR professionals
working for Fortune Global 500 companies in Malaysia. The results showed that all these fac-
tors were positively correlated, while perceived usefulness, ease of use, and user satisfaction
were substantial factors affecting attitudes of HR professionals toward e-HRM. It is note worth-
ing that their findings on perceived usefulness and ease of use (established on TAM model)
conceptually overlap with performance expectancy and effort expectancy in UTAUT. However,
TAM’s focus on individual attitudes may not fully capture the influence of social or institutional
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pressures, which are more comprehensively addressed in UTAUT. This underscores the advan-
tage of UTAUT in studies like the preReceivede, where behavioral intention is influenced by
organizational context and peer dynamics, especially in SMEs.

Al-Ajlouni et al. (2019), Using the framework of UTAUT, gathered data by a structured
questionnaire from 243 administrative employees working at four private universities in Jordan
to 1dentify the facilitating and hindering factors for the adoption of e-HRM in the respective
universities. The findings revealed that habits and performance expectancy interpreted 53% of
the Bls variance. Interestingly, Bls and facilitating conditions collectively interpreted 43% of
the variance in e-HRM usage, although social influence and effort expectancy did not make a
significant impact on this variance.

Further, guided by the UTAUT2, which demonstrated greater explanatory power in various
contexts beyond UTAUT by incorporating additional constructs such as hedonic motivation,
price value, and habit, Fraij (2022) investigated the factors influencing employee adoption of
e-HRM systems in the telecommunications sector in Jordan, where adoption remains limited
due to internal and external challenges. Using an online self-reported questionnaire distributed
to employees across three major private telecommunications companies in Jordan, the findings
revealed that performance expectancy, facilitating conditions, and social influence significantly
and positively influenced e-HRM adoption, while effort expectancy and hedonic motivation
did not show a significant impact. These results suggest that employees prioritize functional
benefits and organizational support over ease of use and enjoyment, providing practical in-
sights for improving adoption strategies in similar developing contexts. Similarly, findings of
Alkhwaldi et al. (2023), from four different public organizations in Jordan, revealed that within
the UTAUT framework, performance expectancy, facilitating conditions, and social influence
significantly influence users’ BI to adopt human resources information systems (HRIS), while
effort expectancy had no significant impact.

This finding aligns with the results of Fraij (2022), who reported that E-HRM adoption
behavior is significantly influenced by facilitating conditions, performance expectancy, and
social influence. However, both studies also revealed that effort expectancy and hedonic mo-
tivation did not have a statistically significant impact on behavioral intention. These inconsis-
tencies suggest that employees may not prioritize how easy or enjoyable the system is to use
when deciding whether to adopt E-HRM. This could be attributed to contextual and sectoral
factors, such as the strategic necessity of digital transformation in highly regulated or perfor-
mance-driven sectors (e.g., telecommunications or public administration), where the perceived
functional utility and organizational support are more critical than individual comfort or enjoy-
ment. Furthermore, in resource-constrained environments such as SMEs or developing country
settings, employees may be more motivated by external expectations, job security, or institu-
tional mandates than by the perceived ease of use. Thus, these contextual variations emphasize
the importance of tailoring technology adoption strategies to the specific needs, capacities, and
priorities of the organizational setting.

2.2 Hypotheses Development

Figure 1 shows the conceptual model of the study that includes the relationships among its
variables, consisting its hypotheses. The argument in prior studies related to these hypotheses
has been explained as follows:
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Figure 1: Conceptual Model

2.2.1 Performance Expectancy (PE)

Performance expectancy (PE) refers to “the degree to which an individual believes that
using a specific technology will improve their performance at work” (Venkatesh et al., 2003).
Numerous studies have identified PE as a critical predictor of behavioral intention (BI) in the
adoption of technology. For example, Siam and Alhaderi (2019) found that employees were
more inclined to adopt E-HRM systems when they believed the systems would enhance their
efficiency and productivity. This aligns with findings from Gélinas et al. (2022), who empha-
sized that within SMEs, often constrained by limited time, personnel, and financial resources,
the perceived usefulness of E-HRM in simplifying administrative tasks is especially influential
in shaping adoption behavior.

Further empirical support comes from several regional and cross-sectoral studies. Sachi-
tra and Wimalasena (2024) found that performance expectancy positively influenced HRMIS
adoption intentions in the public sector. In the context of private universities, Al-Ajlouni et al.
(2019) reported that performance expectancy, alongside habit, explained 53% of the variance
in BI to adopt E-HRM. Similarly, Fraij (2022) and Alkhwaldi et al. (2023) demonstrated that
performance expectancy significantly influenced employees’ intention to adopt E-HRM and
HRIS technologies, respectively, in Jordan’s telecommunications and public sectors. Anam and
Haque (2023) confirm the same positive finding in Indian context. The consistency of these
findings across various sectors and organizational types underscores the central role of perfor-
mance expectancy in predicting technology acceptance.

However, despite this broad evidence, the specific role of PE in shaping Bls within the
unique context of Saudi SMEs remains underexplored. This gap is particularly important given
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the distinctive cultural, economic, and organizational features of Saudi SMEs, such as hierar-
chical decision-making, resource scarcity, and evolving digital literacy. Understanding how PE
influences E-HRM adoption in this setting is essential for tailoring implementation strategies
that resonate with employee expectations and organizational realities. Therefore, the following
hypothesis is proposed:

H1: Performance expectancy has a positive influence on employees’ behavioral intention to
adopt E-HRM systems in Saudi SMEs.

2.2.2 Effort Expectancy (EE)

Effort expectancy (EE) is defined as “the degree of ease associated with the use of the sys-
tem” (Venkatesh et al., 2003) and reflects users’ perceptions of how easy it will be to learn
and use a new technology. In general, when employees perceive a system as user-friendly and
requiring minimal effort, they are more likely to adopt it, particularly in environments where
time and technical resources are limited. In SMEs, for instance, employees often face multiple
job demands and may lack specialized IT support, making ease of use a potentially influential
factor. Gélinas et al. (2022) emphasized this point by noting that simplified system interfaces
are especially relevant for SMEs operating with constrained training infrastructure. Anam and
Haque (2023) confirm the same positive finding within UTAUT, that EE significantly predicts
the BI of using HR analytics in Indian context.

However, recent empirical studies have reported mixed or even contrary results regarding
EE’s predictive power. For example, Sachitra and Wimalasena (2024) found that EE had a
negative effect on employees’ intention to adopt HRMIS, suggesting that users may resist tech-
nologies they perceive as overly simplistic or misaligned with task complexity. Similarly, Al-
Ajlouni et al. (2019) revealed that EE had no significant impact on the variance in BI to adopt
E-HRM systems in Jordanian universities. These findings were resonated by Fraij (2022), who
found that EE did not significantly influence e-HRM adoption in the telecommunications sec-
tor, and by Alkhwaldi et al. (2023), who observed no significant relationship between EE and
users’ behavioral intention to adopt HRIS in the public sector.

This growing body of evidence suggests that EE may be context-dependent, exerting vary-
ing influence depending on users’ digital literacy, sector norms, or perceived urgency of adop-
tion. Within the specific context of Saudi SMEs, the relationship between EE and BI remains
insufficiently studied. Given that Saudi SMEs may face unique digital capability gaps and
limited access to structured training programs, understanding how perceived ease of use influ-
ences E-HRM adoption could provide valuable insights into system design, implementation,
and support strategies. Clarifying this relationship can help stakeholders identify whether sim-
plifying interfaces or investing in user training has a meaningful impact on adoption outcomes.
Accordingly, the following hypothesis is proposed:

H2: Effort expectancy has a positive influence on employees’ behavioral intention to adopt
E-HRM systems in Saudi SMEs.

2.2.3 Social Influence (SI)

The term “social influence (SI)” describes how peers, managers, and other significant peo-
ple affect workers’ decisions to use a specific technology, particularly at work (Venkatesh
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et al., 2003). In the workplace, SI can shape employees’ behavioral intentions by leveraging
perceived expectations, peer pressure, and the influence of respected figures (Tricahyono et
al., 2022). This is particularly relevant in collectivist societies like Saudi Arabia, where group
norms, hierarchy, and social approval strongly influence individual decision-making. Cather-
ine et al. (2017) highlight that SI is often a key factor in technology adoption, especially when
systems are promoted or endorsed by respected organizational actors. In SMEs, where informal
networks and close working relationships are common, SI may play an even more pronounced
role in shaping employee behaviors toward E-HRM systems.

However, empirical findings on the influence of SI remain mixed. For example, Alkhwaldi
et al. (2023) and Fraij (2022) both found that SI significantly and positively influenced em-
ployees’ BI to adopt HRIS and e-HRM systems in public and private sector contexts. Similarly,
Tricahyono et al. (2022) found that SI was the most influential factor on BI to E-HRM adoption
during COVID-19 pandemic. In contrast, SI was not significant variable to influence BI of
using HR analytics for different HR professionals in Indian context (Anam and Haque, 2023).
Similarly, Al-Ajlouni et al. (2019) reported that SI had no significant impact on BI in Jorda-
nian universities, and Sachitra and Wimalasena (2024) even observed a negative association
between social impact and adoption intentions in the Sri Lankan public sector. These discrep-
ancies suggest that SI’s role may be highly context-dependent, influenced by sectoral culture,
formality of structures, and prevailing leadership styles.

In the specific case of Saudi SMEs, little is known about how social expectations affect
E-HRM adoption. Given the collectivist cultural environment, hierarchical organizational
norms, and high regard for managerial authority in Saudi Arabia, the influence of SI could be
more potent than in other settings. Yet, the lack of empirical research in this context leaves open
the question of whether SI truly drives or merely accompanies technology adoption decisions.
Addressing this gap is essential for understanding how managerial endorsement, peer dynam-
ics, and cultural conformity shape the behavioral intention of SME employees toward adopting
E-HRM systems. Accordingly, the following hypothesis is proposed:

H3: Social influence has a positive influence on employees’ behavioral intention to adopt
E-HRM systems in Saudi SMEs.

2.2.4 Facilitating Conditions

Facilitating conditions (FC) refer to the degree to which individuals believe that organiza-
tional and technical infrastructure exists to support the use of a particular system (Venkatesh
et al., 2003). This includes the availability of training, resources, IT support, and access to us-
er-friendly tools. According to the UTAUT model, such enabling conditions play an essential
role in shaping behavioral intention, especially when employees lack prior experience with
digital systems. In the context of SMEs, where formal structures and resource availability are
often limited, the presence or absence of adequate support can significantly influence technol-
ogy adoption outcomes (Maamari and Osta, 2021).

Empirical findings on FC’s impact, however, remain inconsistent across different sectors
and organizational settings. For example, Fraij (2022) and Alkhwaldi et al. (2023) reported
that FC significantly and positively influenced employees’ Bls to adopt E-HRM and HRIS sys-
tems, respectively, in Jordan’s telecommunications and public sectors. Al-Ajlouni et al. (2019)
also showed that FC, when considered alongside Bls, explained 43% of the variance in actual
E-HRM usage in Jordanian universities. In contrast, Sachitra and Wimalasena (2024) found a
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negative relationship between FC and adoption intentions in a Sri Lankan public enterprise,
suggesting that perceived support may not always translate into motivation, possibly due to
mismatches between user needs and institutional provisions. On the other hand, within UTAUT,
SI was not significant variable to influence BI of using HR analytics for different HR profes-
sionals in Indian context (Anam and Haque, 2023)

Despite these varied findings, the role of facilitating conditions in influencing BI within
Saudi SMEs remains insufficiently investigated. This gap is particularly significant given that
Saudi SMEs often operate with limited budgets, lack of formalized training programs, and min-
imal technical infrastructure, representing factors that may either enhance the importance of FC
or render them ineffective without parallel cultural or managerial support. By examining FC
within this specific context, the current study aims to clarify whether infrastructural readiness
and perceived support serve as true enablers of E-HRM adoption or are overshadowed by other
social or psychological factors. Accordingly, the following hypothesis is proposed:

H4: Facilitating conditions have a positive influence on employees’ behavioral intention to
adopt E-HRM systems in Saudi SMEs.

2.2.5 Work Engagement (WE)

A state of mind that involves motivation, vigor, and enthusiasm for individual’s work is
called work engagement (WE) (Ibrahim and Hussein, 2024). According to Ibrahim and Hussein
(2024) and Arifin et al. (2019), employees’ intention to successfully embrace and implement
workplace technology (i.e., E-HRM) is strongly associated with their level of work engage-
ment, which is characterized by their commitment, dedication, and absorption in their tasks
and responsibilities. In HRM literature, the association between BI and work engagement has
received a substantial attention in prior studies. An employee’s degree of engagement is typi-
cally influenced by BI, which is determined by components of the UTAUT model such as PE,
EE, SI, and FC. Through its vital features, E-HRM is an imperative approach that motivate
collaboration and teamwork among workers. By emphasizing the enhancement of emotional
and behavioral aspects, it also plays a critical role in aligning employees’ knowledge and beliefs
with the organization’s culture. These elements encourage employees to go beyond their duties
and responsibilities (Hunitie et al., 2023).

Imran et al. (2021) reported that E-HRM’s E-compensation and E performance apprais-
al positively and significantly influence on working engagement level among private branch
banks employees working in District Sukkur and Khairpur. Studies have demonstrated that
when employees perceive that technology will enhance their performance (performance expec-
tancy) and is user-friendly (effort expectancy), they are inclined to approach their work with
greater enthusiasm and commitment. Social influence, particularly in collectivist cultures such
as Saudi Arabia, can have an outsized effect, where peer approval and organizational norms
significantly impact employee behavior and ultimately their engagement levels. Facilitating
conditions, like the availability of adequate resources and support, reduce resistance in adopting
new behaviors, thereby allowing employees to direct their energies towards their work (Riz-
kalla et al., 2023).

While factors influencing BI have been studied globally, the specific dynamics of SMEs in
Saudi Arabia remain underexplored. In this context, limited resources, hierarchical structures,
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and the unique cultural and socio-economic environment, including rapid technological change
and initiatives like Vision 2030, may alter how BI affects work engagement comparing to larger
firms. As a result, we suggested the subsequent hypothesis:

HS5: Behavioral intention has a positive influence on employees’ work engagement in Saudi
SMEs.

2.2.6 Job Satisfaction (JS)

Job satisfaction (JS) is defined as “A pleasant or favorable emotional state due to the as-
sessment of individual’s job experience.” (Khalaf et al., 2019, p. 13). According to Nyathi and
Kekwaletswe (2023b), it is a combination of favorable sentiments, attitudes, and beliefs that
workers have with respect to their jobs. Job satisfaction consists of two key components: af-
fective and cognitive. The affective component reflects the emotions employees have toward
their job, whether positive or negative. In contrast, the cognitive component encompasses the
thoughts and beliefs that an employee holds about their job (Garg et al., 2018).

E-HRM is acknowledged to deliver five major workplace benefits: engaging work, infor-
mation accessibility, employee engagement, self-sufficiency, and improved visibility. Using
technology in HRM frees up employees and enhances their job satisfaction by removing repet-
itive tasks. Employee involvement, independence, information access, fascinating work, and
enhanced visibility are the five main advantages that e-HRM is known to provide in the work-
place. Repetitive chores are removed by using technology in HRM, which frees up workers
and increases their job satisfaction. This approach motivates employees by offering fulfilling
roles. Information technology enables employees to receive prompt feedback on both their own
performance and the organization’s performance. Improvements in these job aspects enhance
feedback, which, in turn, boosts motivation, engagement, and overall job satisfaction (Nyathi
and Kekwaletswe, 2023b). The job characteristics model states that the five job characteristics,
which they are: significant, autonomous, identifiable, providing feedback, and possessing a va-
riety of skills, that arise from E-HRM improve any job’s capacity to encourage employees and
make them practice three psychological states of satisfaction: meaningfulness of work, knowl-
edge of actual work activity results, and responsibility for work outcomes (Bravo et al., 2016).

However, satisfaction of employee is anticipated to decline gradually following a labor con-
tract is signed (Ray & Pana-Cryan, 2021) and tends to decrease during organizational changes,
particularly when these changes are perceived as daunting, uncomfortable, or unsatisfactory.
This decline is especially pronounced when such changes create a greater gap between employ-
ees and the human resources department, as can occur with the successful implementation of
HRIS. Enhancing user satisfaction with E-HRM systems is key to promoting ongoing usage,
particularly when ease of use is well-perceived (Rawashdeh et al., 2021).

Research has consistently shown that E-HRM positively influences job satisfaction through
employee engagement. Favorable feelings, closer relationships with coworkers, and a better
sense of purpose in their work are all factors of employees’ engagement that cause their job
satisfaction (Vorina et al., 2017). According to the model of Job Demands-Resources (JD-R),
engaged workers are better able to efficiently utilize resources and manage demands on the job,
which they increase job satisfaction. Increased engagement results in higher satisfaction and
more permanent engagement, making an encouraging feedback loop (Nyathi and Kekwaletswe,
2024). Prior research demonstrates that employee involvement keeps workers against dissat-
isfaction and predicts job satisfaction. Stronger job satisfaction and satisfactory organizational
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results, such as lower employee turnover and enhanced productivity, are a result of engaged
employees’ resilience, ability to see challenges as opportunities, and high level of motivation
(Hunitie et al., 2023; Garg et al., 2018).

Using an online survey, Ismail et al. (2021) gather data from 76 workers of Islamic banks in
Batu Pahat, Johor. The results indicated that the E-HRM system is significantly and positively
affect both employee performance and their job satisfaction. Maamari and Osta (2021) inves-
tigated how work engagement and job satisfaction were affected by the successful deployment
of HRISs in SMEs in Lebanon. The findings indicated that successful deployment of HRIS
significantly enhances job satisfaction although it can interpret some variance in work engage-
ment. Anwar and Qadir (2017) examined how job satisfaction in private companies in Erbil was
affected by work engagement in terms of equal opportunities, personal influence, career nature,
development opportunities, employee recognition, work challenges, supervisor behavior, eth-
ics and integrity, and job empowerment. The results showed that the biggest factor influencing
work engagement was work challenges. This suggests that effective time management, heavy
workloads, and strong communication are the main reasons why many workers in private orga-
nizations are very engaged in their work.

Unlike most studies (such as Karanika-Murray et al., 2015) that posit job satisfaction as a
positive result of employee engagement, Yalabik et al. (2017) investigated the relationship be-
tween various aspects of employee satisfaction and the three dimensions of work engagement
(dedication, vigor, and absorption) using social exchange theory as a framework. The findings
revealed that “satisfaction with work itself” is the primary factor driving all dimensions of
work engagement. Conversely, “satisfaction with conditions” was negatively associated with
employee absorption, indicating that those with higher workloads may struggle to remain en-
gaged. Additionally, workers who are delighted with communication in work more likely to
show higher levels of absorption.

Further, Bellani et al. (2017) explored job satisfaction as a predictor of employee engage-
ment using a facet approach. Their findings indicated that job satisfaction was indeed a pre-
dictor of employee engagement. They emphasized that specific factors of job satisfaction, in-
cluding working conditions, connections with coworkers, job nature, and communication, had
a significant impact on employee engagement, while aspects like promotions, pay benefits, and
rewards were deemed insignificant. The results of Djoemadi et al. (2019)’s study also revealed
that in telecommunications network providers, job satisfaction can enhance employee engage-
ment. The primary factors influencing increased employee engagement were work conditions,
which encompass job security, comfort, stress levels, working hours, and management policies.
These were followed by work relationships and opportunities for promotion.

However, when cost cutting and administrative processes automation are emphasized as key
justifications for implementing E-HRM, concerns about potential layoffs may arise, negatively
impacting satisfaction with job. Additionally, if applications of E-HRM are perceived as chal-
lenging to use, satisfaction with job can decline. Workers may also experience demotivation if
they find acquiring IT skills challenging, which ultimately lowers their levels of satisfaction
with job. Furthermore, programs of E-HRM can alter work patterns of employees, which could
result in a rise or fall in job satisfaction. Adjusting to new practices and routines may add to
workload and stress, contributing to dissatisfaction with job (Halder et al. (2024).

In addition, while existing literature has extensively explored the association between
E-HRM, work engagement, and job satisfaction, most studies have focused on large multi-
national corporations or Western contexts, leaving a gap in understanding how this dynamic
operates within SMEs, particularly in Saudi Arabia. Work engagement may be also more signif-
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icant in increasing job satisfaction in Saudi SMEs, based on their different economic, cultural
and organizational challenges, which comprise limited resources, lower organizational support,
and different strategies of work engagement compared to the larger companies. This call to the
need for more examination of the relationship between work engagement and job satisfaction,
especially in Saudi SMEs. Thus, we suggest the following hypothesis:

H6: Work engagement has a positive influence on employees’ job satisfaction in Saudi SMEs.

2.2.7 The mediating role of work engagement

The Job Demands—Resources (JD-R) model offers a well-established theoretical framework
for understanding how workplace conditions affect employee motivation and outcomes such
as job satisfaction. According to Bakker and Demerouti (2007), employees experience higher
engagement when job resources, such as autonomy, feedback, supportive systems, and growth
opportunities, help buffer job demands and facilitate goal attainment. In the context of digital
transformation, E-HRM systems can be conceptualized as critical job resources that automate
administrative tasks, provide access to performance data, streamline communication, and em-
power employees to manage aspects of their own work. These features can enhance engagement
by promoting efficiency, reducing stress, and enabling a stronger sense of control and purpose.

Recent research confirmed that E-HRM mechanisms contribute to employee engagement
across various organizational contexts. Vorina et al. (2017) demonstrated that E-HRM functions
such as e-compensation and e-performance appraisal were positively associated with work en-
gagement, particularly when these functions were perceived as fair and transparent. Imran et al.
(2021) similarly found that the integration of digital HR tools can create a motivational work
environment that supports employee commitment and reduces burnout. In the Gulf region,
Almaaitah et al. (2024) reported that E-HRM systems significantly influenced employee per-
formance through the mediating role of engagement, highlighting the pathway through which
digital HR practices affect individual-level outcomes.

Work engagement, in turn, is strongly associated with job satisfaction. Karanika-Murray et
al. (2015) confirmed that work engagement fully mediated the relationship between organiza-
tional identification and job satisfaction, suggesting that engaged employees are more emotion-
ally connected to their work and thus more likely to report satisfaction. Hunitie et al. (2023)
further demonstrated that E-HRM enhances organizational effectiveness by increasing employ-
ee engagement, which reinforces satisfaction and performance. These findings are supported
by Salsabila et al. (2022), who showed that job satisfaction mediated the relationship between
HRIS functionality and employee performance in Indonesian manufacturing firms.

While the positive effects of E-HRM and work engagement are well-documented in large
organizations and structured public institutions, there is a lack of research on how these rela-
tionships function in SMEs, particularly in Saudi Arabia. This gap is significant because Saudi
SMEs face unique challenges, including limited financial and technical resources, underdevel-
oped HR structures, and hierarchical decision-making, that can constrain the direct impact of
digital HR solutions. Unlike large enterprises with dedicated HR teams and robust onboarding
infrastructure, many SMEs in Saudi Arabia may implement E-HRM without parallel invest-
ments in training or employee support, reducing its immediate impact on satisfaction. In such
cases, work engagement may serve as a crucial mechanism by which the benefits of E-HRM
are realized. That is, engaged employees are more likely to embrace technological change, find
meaning in the adoption process, and sustain performance despite infrastructural limitations.
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Moreover, while several studies have linked BI to E-HRM adoption outcomes, few have
investigated how employees’ Bl to use E-HRM has been translated into job satisfaction through
engagement. Rawashdeh et al. (2021) found that user satisfaction mediated the relationship
between perceived usefulness and E-HRM continuance intention, suggesting an affective path-
way between intention and outcomes. However, they did not test engagement explicitly as a
mediating factor. Similarly, Shamaileh et al. (2023) revealed that job satisfaction mediated the
effect of Smart HR 4.0 practices on employee effectiveness, but without isolating the BI to
adopt as a driver. These partial insights underline the need for a more integrative model that
accounts for engagement as the missing link, especially in under-researched SME settings.

Thus, this study responds to a critical gap in the literature by examining work engagement
as a mediator between employees’ BI to adopt E-HRM and their job satisfaction in the context
of Saudi SMEs. By doing so, it not only extends the JD-R model into a digital HR domain but
also provides practical implications for SME leaders seeking to foster satisfaction and perfor-
mance through engagement-driven adoption strategies. Accordingly, the following hypothesis
is proposed:

H7: Work engagement mediates the relationship between employees’ behavioral intention to
adopt E-HRM systems and their job satisfaction in Saudi SMEs.

3. Methodology

The quantitative research approach was applied to achieve the purpose of the study. Data
were collected through an online survey distributed via email to employees working at small
and medium-sized enterprises (SMEs) in Saudi Arabia. For contextualization, as of the first
quarter of 2024, the total number of SMEs in Saudi Arabia reached approximately 1.3 million
(Monsha’at, 2024), further highlighting the scale of the sector from which the sample was
drawn. The names of the companies were obtained from HR system providers, and the distri-
bution process was facilitated through formal collaboration with these providers. One represen-
tative from each participating company received the survey link via email and was responsible
for distributing it internally to employees within this company. A total of 600 email invitations
were sent across various SMEs. The selection criteria focused on registered SMEs with opera-
tional E-HRM systems that expressed willingness to participate through their HR system pro-
viders. Although the total SME workforce in Saudi Arabia is considerably larger, the invitation
pool was limited to enterprises where internal representatives, identified through HR system
providers, facilitated survey distribution, making the 600-invitation sample a practical subset
shaped by accessibility and system readiness.

The survey remained open for one month, with a reminder email sent two weeks after the ini-
tial invitation, and the survey closed two weeks later. While the survey did not target a specific
geographic region, the lack of regional restriction allowed broader participation across different
organizational settings. Out of the 600 invitations, 150 employees responded to the online ques-
tionnaire, resulting in a response rate of 25%. This rate is considered acceptable for email-based
online surveys, as supported by Nulty (2008), who reported that a 10% to 45% response range
is standard. A convenience sampling method was employed due to accessibility constraints and
the exploratory nature of the study. While this method may limit generalizability, it allowed the
researcher to efficiently reach employees with relevant experience in E-HRM systems. No fol-
low-up interviews were conducted with non-respondents; however, the reminder email served
as a non-intrusive effort to enhance the response rate. Participants reflected demographic di-
versity in terms of tenure, job role, gender, and age, offering a cross-sectional view of E-HRM
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adoption across Saudi SMEs.

To ensure the validity and reliability of the research instrument, the study used a structured
questionnaire with items adapted from well-established scales. Constructs from the Unified
UTAUT were measured using the original scale developed by Venkatesh et al. (2003), and a
seven-point Likert scale (ranging from 1 = strongly disagree to 7 = strongly agree) was used for
all items. The short version of the Utrecht Work Engagement Scale (UWES), as proposed by
Schaufeli et al. (2006), was used to assess employees’ engagement and dedication at work. Job
satisfaction was measured using the scale adapted from Thatcher et al. (2002). Minor textual
modifications were made to a few measurement items to ensure clarity and alignment with the
intended context of Saudi SMEs; these changes were limited to language adjustments and did
not alter the conceptual meaning of the original constructs. Moreover, the language and clarity
of this manuscript were enhanced with the assistance of ChatGPT by OpenAl. This tool was
used solely to refine the language without altering the research content, and all edits were care-
fully reviewed and approved by the authors.

4. Results

The data analysis was implemented in two stages. First, Using SPSS 26, the descriptive sta-
tistics of the demographic characteristics of the participants were generated. Second, the basic
relationships between the study variables were investigated using the structural equation mod-
eling (SEM), SMART-PLS3. SEM was used to perform significance testing of hypotheses. This
analytical method was also used to evaluate structural and measurement models. Investigating
how the direct or indirect relationships between these variables can help in providing detailed
knowledge about the relationships in this model (Venkatesh et al., 2003).

4.1 Sample Profile

The frequency analysis of the demographical indicated that out of 150 useful responses, 50
(33.3%) of the responses were from male while 100 (66.7%) were from female. In specifying
the age of the respondents, 60 (40.0%) had 20-29 years old, 38 (25.3%) had 30-39 years old and
52 (34.7%) had 40-49 years old. In specifying the experience, 49 (32.7%) had less than 3 years
of experience, 16 (10.7%) had 3-6 years of experience, 51 (34.0%) had 7-10 years of experience
and 34 (22.7%) had more than 10 years of experience. In specifying the educational level of
the respondents, 18 (12.0%) had High School degree, 5 (3.3%) had Diploma, 100 (66.7%) had
Bachelor and 27 (18.0%) had Master degree.
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4.2 Measurement and Structural Models

A two-step approach was followed to conduct the analysis by SEM, including:

4.2.1 Measurement Model

The reliability and validity of the constructs were evaluated by performing confirmatory fac-
tor analysis (CFA). Composite reliability was used to assess internal consistency. Through the
use of average variance extracted (AVE), convergent validity was ensured. The model fit was
assessed using the Standardized Root Mean Square Residual (SRMR). According to Hair et al.
(2006), a good fit is implied if the values are below 0.08.

4.2.2 Structural Model

Testing the structural relationship between the constructs was done after validating the mea-
surement model. The bootstrapping method with 5,000 replications, was used to calculate path
coefficients through which accurate assessments of the relationship between variables were
provided (Efron and Tibshirani, 1993). The predictive accuracy of the model was estimated
through the use of the statistical measures R? and Q2.

Through the use of SPSS 26, the initial descriptive analysis was conducted, and the correla-



Dr. Eman Nafa Aljagthamy: Exploring the Role of Behavioral Intention to E-HRM Adoption... 2 O 6

tions among the study variables were analyzed. The structural equation modeling analysis was
carried out using SMART-PLS3 as indicated by Henseler et al. (2009). This analysis had two
subsequent steps. The reliability and validity of the constructs were evaluated using the con-
firmatory factor analysis (CFA) in the measurement model. As shown in Table 1, to assess the
convergent validity, all factor loadings excluding EE3, have exceeded the 0.7 threshold. EE3
had a low loading of 0.322, therefore it was excluded. The average variance extracted (AVE)
values, ranging from 0.850 to 0.937, surpassed the recommended threshold of 0.5, indicating
strong convergent validity, as reported by Hair et al. (2010). The internal consistency was en-
sured as all the constructs had composite reliability (CR) values above 0.6, as shown in Table
1. For example, CR values of effort expectancy and work engagement were 0.929 and 0.981
respectively. According to Nunnally and Bernstein (1994), the reliability across all constructs is
confirmed if the values of Cronbach’s Alpha surpass 0.7.

Table 1
Convergent Validity and Internal Reliability
Average | Composite | Reliablity
Construct Variable Item Lii\cc;ior:g ];;at I::;:cefi Reliability
(CR) Cronbach

(AVE) Alpha

Performance Expectancy (PE) PE1 0.946 0.91 0.961 0.951
PE2 0.957
PE3 0.96

Effort Expectancy (EE) EE1 0.936 0.85 0.929 0.912
EE2 0.876
EE3: 0.322
EE4 0.952

Social Influence (SI) N i 0.871 0.862 0.961 0.947
SI2 0.941
SI3 0.945
SI4 0.955

Facilitating Conditions (FC) FC1 0.953 0.879 0.957 0.954
FC2 0.925
FC3 0.928
FC4 0.944

Behavioral Intention (BI) BI1 0.963 0.937 0.982 0.967
BI2 0.975
BI3 0.966
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Averag® | Composite | Retiablty
Construct Variable Item Lf;‘:;;:g ]:;at ZT;ZZ Reliability
(CR) Cronbach
(AVE) Alpha
Work Engagement (WE) WE1 0.932 0.866 0.981 0.981
WE2 0.892
WE3 0.904
WE4 0.95
WE5 0.956
WE6 0.919
WE7 0.975
WES 0.936
WE9 0.908
Job Satisfaction (JS) JS1 0.942 0.877 0.973 0.965
Js2 0.962
JS3 0.97
JS4 0.938
JS5 0.869

a: denoted to be deleted due to factor loading less than 0.6

The standardized factor loading of EE3 was 0.322, less than the threshold of 0.7 and thus
both items were excluded from the model. The standardized factor loadings of the remaining
items, as indicated in Table 1, ranged from 0.869 (for JS5) to 0.975 (for BI2 and WE?7), all of
which were above the 0.7 threshold as advised by Hair et al. (2006). Table 1 shows that all
Average Variance Extracted (AVE) values, representing the proportion of indicator variance
captured by the latent construct, exceeded the 0.5 threshold, as recommended by Hair et al.
(2006). These AVE values ranged from 0.850 (for Effort Expectancy) to 0.937 (for Behavioral
Intention).

The composite reliability (CR) values, ranging from 0.929 (for effort expectancy) to 0.982
(for work engagement), reflect the degree to which the indicators consistently represent the
latent construct. These values exceeded the recommended minimum value of 0.6 for all con-
structs as recommended by Peterson and Kim (2013). The Cronbach’s Alpha values, which
reflect the degree of error-freeness in a measure, were above Nunnally and Bernstein’s (1994)
threshold of 0.7. They ranged from 0.912 (for effort expectancy) to 0.981 (for work engage-
ment). The scale, means, and standard deviations of the constructs are displayed in Table 2.
Table 2 also presents discriminant validity, which is the question of how truly different a con-
struct is from other constructs, using two methods: Henseler et al. (2015) used an approach to
assess the results of the Heterotrait-Monotrait ratio of Correlations (HTMT), while Fornell and
Larcker (1981) compared the square root of AVE and standardized correlations.
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Table 2

Descriptive Statistics and Discriminant Validity, using Fornell and Larcker Approaches and HTMT

Mean SD BI EE FC JS PE SI WE

BI 5.447 1.844 0.968 0.669 0.697 0.699 0.719 0.734 0.815

EE 5.198 1.616 0.642 0.922 0.632 0.74 0.76 0.643 0.803
FC 5.187 1.546 0.678 0.585 0.937 0.84 0.722 0.802 0.802
JS 5.295 1.673 0.69 0.695 0.805 0.937 0.752 0.726 0.854
PE 5.216 1.795 0.7 0.711 0.689 0.716 0.954 0.678 0.756
SI 4.943 1.672 0.718 0.598 0.767 0.695 0.647 0.929 0.749

WE 5.351 1.795 0.802 0.762 0.779 0.838 0.732 0.737 0.931

Values in bold diagonal display the square root of the average variance extracted; Values below
the diagonal display correlations of Fornell and Larcker approach; Values above the diagonal
display HTMT results; All constructs have 7-point Liker scale: 1 = Strongly Disagree, 7 =
Strongly Agree; p < .05; p <.01; p <.001; SD = standard deviation, PE = Performance Ex-
pectancy, EE = Effort Expectancy, SI = Social Influence, FC = Facilitating Conditions, BI =
Behavioral Intention, WE = Work Engagement, JS = Job Satisfaction.

According to Hair et al. (2010), Table 2 illustrates that the square root of the average vari-
ance extracted for every construct is greater than the correlations of that construct with other
constructs. Moreover, there was satisfactory discriminant validity between the constructs as
evidenced by the correlations between the constructs, which ranged from 0.585 (correlation
between effort expectancy and facilitating conditions) to 0.838 (correlation between work en-
gagement and job satisfaction) were all less than the threshold of 0.85 (Kline, 2005). The latent
constructs had HTMT values that fell below 0.90 and varied from 0.632 (between effort ex-
pectancy and facilitating conditions) to 0.854 (between work engagement and job satisfaction).
Thus, it validates that every measurement of a latent construct was completely discriminating
from one another (Henseler et al., 2015).

The mean and standard deviation, as well as other descriptive statistics for the constructs,
are shown in Table 2. Behavioral intention has the highest mean value (M = 5.447), while so-
cial influence has the lowest mean value (M = 4.943). Facilitating conditions (SD = 1.546) and
behavioral intention (SD = 1.844) had the lowest and highest standard deviations, respectively.
The result indicated good model fit. The SRMR was 0.079, below the threshold of 0.08 as rec-
ommended by Hu and Bentler (1999).

4.3 Hypotheses Finding

4.3.1 Causal Effects

With the satisfactory results in the measurement model, the structural model was evaluated
subsequently. Coefficient values and the significant level were used to confirm or disprove
the claimed relationships, using bootstrapping with 5000 replications (Wetzels et al., 2009).
According to Hair et al. (2019), the hypothesis can be considered as supported under three con-
ditions: (1) when the t-value is greater than or equal to 1.645, (2) when the p-value is smaller
than or equal to 0.05, and (3) when the 95% confidence interval does not have a zero strad-
dle between lower and upper level. The variance inflation factor (VIF) less than 3.3 indicates
there is no bias from the single source data that would bias the regression results (Hair et al.
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2011). The predictive accuracy of the model was evaluated in terms of the portion of variance
explained (R-square) and Stone-Geisser cross-validated redundancy (Q-square) (Stone, 1974;
Geisser, 1975 and Zhang,2009). The results, as shown in figure 2, indicated that the R2 values
for Behavioral Intention, Work Engagement, and Job Satisfaction were 0.634, 0.644, and 0.704
respectively, representing substantial coefficient of determination according to Cohen (1988).
Similarly, the Q2 values for these variables, as shown in figure 2, were 0.808, 0.827, and 0.804
respectively, representing, far greater than threshold of zero. presents the results of examining
causal effect hypotheses.

Table 3

Results of Path Analysis to Examine Causal Effect Hypotheses

Path: IVS>DV ] SD t P LL-CI UL-CI VIF F?
H1) PE > BI 0.268" 0.086 3.101 0.002 0.097 0.437 2.664 | 0.073
H2) EE ->BI 0.171" 0.053 3.223 0.001 0.065 0.276 2.17 0.037
H3) SI 5> BI 0.344™ 0.081 4.241 0 0.179 0.498 2.689 0.12
H4) FC ©>BI 0.13 0.082 1.595 0.111 -0.02 0.301 2.883 | 0.016

H5) BI > WE 0.803™ 0.041 | 19.399 0 0.709 0.87 1 1.81

H6) WE - ]S 0.795™ 0.095 8.338 0 0.61 0.988 2.81 0.759

B = standardized coefficient; SD = standard deviation; t = t-value; p = p-value; LL-CI = low-
er level of 95% confidence interval; UL-CI = upper level of 95% confidence interval; VIF =
variance inflation factor; 2 = effect size; *p < .05. **p < .01. ***p < .001(two-tailed); PE =
Performance Expectancy, EE = Effort Expectancy, SI = Social Influence, FC = Facilitating
Conditions, BI = Behavioral Intention, WE = Work Engagement, JS = Job Satisfaction.

As shown in , among the predictors of Behavioral Intention, Social Influence was the stron-
gest determinant of Behavioral Intention with a significant positive effect ( = 0.344, t =4.241,
p <0.001, 95 % CI [0.179, 0.498], VIF = 2.689, F2 = 0.120), followed by Performance Expec-
tancy with a significant positive effect (f =0.268,t=3.101, p=10.002, 95 % CI [0.097, 0.437],
VIF =2.664, F2 = 0.073), and Effort Expectancy with significant positive effect (3 =0.171, t=
3.223,p=0.001, 95 % CI1[0.065, 0.276], VIF =2.170, F2 = 0.037). The results provide support
for H3, H1 and H2 respectively. The effect of Facilitating Conditions on Behavioral Intention
was positive but insignificant; B = 0.13, t = 1.595, p = 0.111, 95 % CI [-0.020, 0.301], VIF =
2.883, F2 = 0.016. The phenomenon rejects the hypothesis H4.

The results also indicated that Behavioral Intention has a significant positive effect on Work
Engagement, supporting hypothesis H5; = 0.803, t = 19.399, p < 0.001, 95 % CI [0.709,
0.870], VIF =1, F2 = 1.81, Work Engagement has a significant positive effect on Job Satisfac-
tion, supporting hypothesis H6; B = 0.795, t = 8.338, p <0.001, 95 % CI1 [0.610, 0.988], VIF =
2.81, F2 =0.759.

4.3.2 Mediation Effects

Bootstrapping with 5000 samples was used as a robust method to conduct mediation analysis
(Hayes, 2013). In this method, sampling distribution is computed by intensive repeated itera-
tions. First, the path model was assessed using the bootstrapping technique, without the medi-
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ator (total effect). From that sampling distribution, the effects of the direct and indirect paths
are evaluated (Awang, 2015). To check the strength of mediation, Hair et al. (2017) suggest
mediation strength VAF (variance accounted for) score. Calculating VAF is considered only if
the indirect effect is significant (Hair et al., 2017). According to Hair et al. (2017) if the value
of VAF is above 80% it is called full mediation. If the value of VAF lies in between 20 to 80%,
it is called partial-mediation and VAF below 20% accounted as no mediation. Table 4 presents
the results of examining mediation effect hypothesis (H7).

Table 4

Results of Path Analysis to examine mediation Effect Hypotheses

Path: IV>M->DV B SD t p CI-L CI-U
Total Effect: (BI-> JS, in absence of WE) 0.692 | 0.058 | 11.967 0 0.563 0.787
Direct Effect: (BI = JS, in presence of WE) 0.053 | 0.099 0.541 0.588 | -0.144 | 0.245
Indirect Effect: (Bl > WE - JS) 0.638 | 0.089 7.154 0 0472 | 0.823
VAF = (Indirect Effect / Total Effect) =
(0.252/0.326) = 0.987 > 0.8 = Full Mediation

B = standardized coefficient; SD = standard deviation; t = t-value; p = p-value; LL-CI = lower
level of 95% confidence interval; UL-CI = upper level of 95% confidence interval; VAF = vari-
ance accounted for; *p < .05. **p < .01. ***p < .001(two-tailed); BI = Behavioral Intention,
WE = Work Engagement, JS = Job Satisfaction.

H7 states that work Engagement mediates the relationship between behavioral intention and
job satisfaction. Table 4 demonstrates that, in the absence of work engagement the total effect
of ehavioral intention on job satisfaction was significantly positive (B = 0.692, t = 11.967, p <
0.001, 95% CI1[0.563, 0.787]. The indirect effect of behavioral intention on job satisfaction in
the presence of work engagement was insignificantly positive; B = 0.0.53,t=0.541, p = 0.588,
95 % CI [-0.144, 0.245]. The bootstrapping estimation on the indirect effect of behavioral
intention on job satisfaction through work engagement was significantly positive; f = 0.638,
t=7.154, p < 0.001, 95 % CI [0.472, 0.823]. The results provide support for H7. The VAF
was 0.683/0.692 = 0.987, above the threshold 80%. Therefore, it can be concluded that work
engagement fully mediates the positive relationship between behavioral intention and job satis-
faction (Hair et al., 2014). Figure 2: Model of Findings and Estimation Results 2 represents the
model of findings and the results of testing research hypotheses.

5. Discussion

This study demonstrated how employees’ job satisfaction and work engagement were linked
with behavioral intention. Based on UTAUT model, this study examined the impact of several
factors, including performance expectancy, facilitating conditions, effort expectancy, and social
influence on behavioral intention. This study can help in providing more comprehensive knowl-
edge of human resource management in today’s workplace, because it provides valuable data
regarding the impact of these factors on employees’ engagement and satisfaction.
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Figure 2: Model of Findings and Estimation Results

5.1 Key Findings and Theoretical Implications

The important role of social influence played in predicting behavioral intention, is consid-
ered as one of the remarkable findings of the current study. Social influence was shown to be the
strongest predictor of behavioral intention to adopt E-HRM, with a path coefficient of 0.344,
outperforming both performance expectancy and effort expectancy. This is likely to imply that
social environment plays an important role in building employees’ intentions to adopt E-HRM
in Saudi SMEs, indicating that employees’ behavior is significantly affected by Saudi organi-
zational culture and peer approval. Social influence, particularly in collectivist cultures such
as Saudi Arabia, can have an outsized effect, where peer approval and organizational norms
significantly impact employee behavior. This finding is consistent with the UTAUT, which
states that individual behavioral decisions are notably affected by social influence, particularly
in workplaces where the social network has great impact (Venkatesh et al., 2003). However,
this study advances the theoretical application of UTAUT by offering empirical evidence from
a culturally distinct, under-researched context. In Saudi SMEs, where collectivism, loyalty to
superiors, and group conformity are deeply embedded in workplace dynamics, the influence of
social norms may override rational evaluations of usefulness or ease of use. This suggests that
social influence may operate with greater intensity in such environments, thereby expanding the
cultural boundaries within which UTAUT’s constructs remain valid. Additionally, the findings
contribute to the broader sociology of technology adoption by emphasizing that technology-re-
lated decisions in Saudi SMEs are often socially situated, rather than purely individualistic. In
doing so, the study supports the generalizability of UTAUT while simultaneously proposing
cultural adaptation as an avenue for theoretical refinement. In addition, this finding is consistent
with prior studies that indicated that social support or recommendations from others, influence
from groups, or social norms are significantly affect employees’ behavioral intention to adopt
technology (Rizkalla et al., 2023; Catherine et al., 2017)

On the other side, the impact of facilitating conditions (FC) on behavioral intention (BI) was
found to be non-significant (B = 0.13, p = 0.114), indicating that facilitating resources were
found to have less impact on behavioral intention within the Saudi SMEs’ organizational con-
text. However, organizations should offer support and resources despite not causing significant
impact on BI. Prior studies indicated that infrastructure and resources have major impact on
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employee intentions to adopt technology. For instance, Alkhwaldi et al. (2023) confirmed that
FC are significantly influence users’ BI to adopt human resources information systems (HRIS),
and similar positive associations have been widely reported across various sectors. Therefore,
our finding is not in line with most prior studies. Nevertheless, it is in agreement with the
findings of Shi et al. (2010), which indicated that facilitating resources have less impact on BI
within the organizational context.

Theoretically, this divergence points to a possible boundary condition of the UTAUT model.
Specifically, in environments such as Saudi SMEs, where digital infrastructure is still develop-
ing and where organizational decision-making is often top-down, employees may not consider
the presence of support and resources to be a decisive factor in their intention to adopt new
systems. Instead, factors like managerial pressure or peer influence might outweigh logistical
readiness. This suggests that the impact of FC may be moderated by contextual elements such
as organizational culture, perceived autonomy, or even prior exposure to technology. Conse-
quently, this study contributes to UTAUT by proposing that FC may not be universally predic-
tive of BI, and future models could be enhanced by incorporating cultural and organizational
moderators to better reflect the variability in technology adoption across different settings.

Moreover, work engagement was proven to be significantly affected by behavioral intention
of employees to adopt E-HRM in Saudi SMEs (B = 0.802, p < 0.001). Increased levels of em-
ployee engagement in the work environment were linked to their strong intention to perform
specific tasks or adopt specific technology. This finding confirms that individual’s dedication to
their tasks and jobs can be reflected through behavioral intention. Therefore, it’s considered as
the driving force for work engagement. This finding is consistent with the existing literature on
engagement, which underlines the central role the intention plays in determining the degree of
employee engagement in their work (Schaufeli et al., 2006). For example, this finding is in line
with Ibrahim and Hussein (2024) and Arifin et al. (2019), which reported that employees’ in-
tention to successfully embrace and implement workplace technology (i.e., E-HRM) is closely
linked to their level of work engagement, which is well-defined by their vigor, dedication, and
absorption in their duties and responsibilities. Imran et al. (2021) also reported that E-HRM’s
E-compensation and E performance appraisal positively and significantly influence on working
engagement level.

Moreover, job satisfaction was largely influenced by work engagement (= 0.838,p <0.001).
This likely to imply that employees, in Saudi SMEs, who are more satisfied with their jobs,
have a high level of work engagement. This is in agreement with previous research implying
that one of the significant indicators of employees’ job satisfaction is their work engagement
(Ali & Anwar, 2021). Employees overall satisfaction with their job stemmed from the higher
levels of immersion, dedication, and energy they experience due to engagement. This finding
has important effects on human resource managers who intend to enhance employees’ job sat-
isfaction and retention by reflecting on the strategies through which employee engagement can
be improved. According to (Nyathi and Kekwaletswe, 2023b; Nyathi and Kekwaletswe, 2024),
information technology (i.e., E-HRM) enables employees to receive prompt feedback on both
their own performance and the organization’s performance. Improvements in these job aspects
enhance feedback, which, in turn, boosts motivation, engagement, and overall job satisfaction.

The final finding of this study is that the indirect effect of behavioral intention on job satis-
faction through work engagement was significantly positive (B = 0.638, p < 0.001), indicating
that work engagement fully mediates the positive relationship between behavioral intention
and job satisfaction. This finding is consistent with many empirical studies that confirmed
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this mediating role. This result offers an important theoretical contribution by illustrating that
employee engagement is not merely a consequence of job satisfaction but a crucial mechanism
through which technology adoption intentions are translated into tangible workplace attitudes.
This mediating role extends existing engagement and adoption models by showing that the
pathway from intention to satisfaction is not direct but is channeled through psychological
states like engagement, which defined by vigor, dedication, and absorption. Theoretically, this
supports the view advanced in the JD-R model that job resources (such as E-HRM systems)
foster engagement, which then leads to improved outcomes such as job satisfaction. However,
this study adds a novel layer by situating BI, which is a cognitive antecedent, as a driver of that
engagement process in a technology adoption context.

This interpretation is reinforced by prior empirical studies. Nyathi and Kekwaletswe (2024)
demonstrated that E-HRM boosts work engagement by improving communication and collabo-
ration, which in turn enhances job satisfaction. Similarly, Hunitie et al. (2023) found that work
engagement acts as a buffer between the introduction of new HR technologies and job dissatis-
faction, suggesting that engaged employees cope better with challenges and derive more satis-
faction from their work. Building on this, the current study provides evidence that the cognitive
readiness to adopt E-HRM can, through engagement, shape broader affective outcomes like job
satisfaction, especially within the unique operational and cultural context of Saudi SME:s.

To further enrich this theoretical contribution, the findings may also be interpreted through
lenses such as social exchange theory, which posits that when employees perceive organization-
al investment (in this case, through E-HRM)), they reciprocate through higher engagement and
satisfaction. Additionally, innovation diffusion theory can help explain how social and psycho-
logical processes, such as peer influence or perceived innovation compatibility, interact with
personal intentions to affect adoption outcomes. By integrating these perspectives, the study
advances understanding of how BI, work engagement, and job satisfaction are dynamically in-
terlinked, particularly in under-researched organizational environments. This opens the door for
future theoretical refinement that situates work engagement as a central process in both tech-
nology acceptance and organizational behavior models, especially in the evolving landscape of
digital HR practices in SMEs.

5.2 Practical Implications

The research results emphasize the significant role of social influence in driving employees’
behavioral intentions to adopt E-HRM from a practical viewpoint. Therefore, creating a posi-
tive social environment where leaders and coworkers encourage the desired behaviors toward
implementation of E-HRM, should be taken into consideration by organizations. They should
take advantage of the effective role of social influence in increasing employees’ job satisfaction
and work engagement. This can be achieved if leadership training programs and peer mentor-
ship are adopted by these organizations. It’s suggested that encouraging positive behavioral
intentions to adopt E-HRM should be the main focus of organizations, and this can be achieved
when employees’ personal goals are aligned with their job roles.

Furthermore, clear communication about performance expectations should be ensured. Be-
havioral intentions to adopt E-HRM could be reinforced when employees are encouraged to
set particular targets, leading to higher levels of satisfaction and engagement within the orga-
nizational framework. Additionally, organizations should not majorly depend on support and
resources for improving behavior intention to adopt E-HRM, because of the non-significant
impact the facilitating conditions have in behavioral intention. As a result, the factors that have
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a direct impact on behavioral intention should be taken into account, such as social and personal
factors, without neglecting the importance of proving support and resources.

Practical implications of the other findings emphasize targeted HR strategies within Saudi
SME:s. First, since behavioral intention has a significant positive effect on work engagement,
HR initiatives should focus on fostering positive attitudes towards E-HRM adoption through ef-
fective communication and support, thereby increasing engagement levels. Second, given that
work engagement positively impacts job satisfaction, SMEs should invest in engagement-driv-
en practices, such as team-building and role enrichment, to enhance job satisfaction. Lastly,
as work engagement fully mediates the relationship between behavioral intention and job sat-
isfaction, companies should prioritize employee engagement strategies as a bridge between
technology adoption intentions and improved job satisfaction, ensuring the full realization of
E-HRM benefits.

To further support HR professionals operating in Saudi SMEs, this study offers actionable
insights into how BI and work engagement can be actively cultivated to enhance E-HRM
outcomes. Specifically, HR departments should prioritize structured practices that strength-
en engagement, such as role enrichment programs that empower employees through greater
autonomy and responsibility, and team-building initiatives that foster a sense of belonging and
collaborative purpose. These strategies are especially critical in SME contexts where formal
HR infrastructure may be limited, and where day-to-day employee experience is shaped more
by interpersonal dynamics than by large-scale organizational systems. Additionally, regular
feedback loops, recognition programs, and flexible goal-setting frameworks can help align em-
ployees’ intentions with organizational objectives, reinforcing both motivation and satisfaction.
By implementing such engagement-focused initiatives, HR practitioners can effectively bridge
the gap between technology adoption and employee well-being, ensuring the long-term success
of E-HRM systems.

6. Limitations and Future Research

This study provided important information regarding behavioral intention, but it has several
limitations. First, limited causal inferences were made because the study used a cross-sectional
design. To investigate the development of these relationships, longitudinal designs are suggest-
ed to be used in future research. Second, the sample size of the study is small, which may limit
the generalizability of the findings across the broader population of Saudi SMEs. This relative-
ly small sample may have introduced sampling bias, making the results less reflective of the
wider SME population in Saudi Arabia, especially across sectors that were underrepresented.
Therefore, future studies should consider employing stratified or random sampling techniques
to improve the representativeness and statistical power of the results. Future research could
expand the sample size and include a more diverse range of SMEs across various sectors and
regions in Saudi Arabia or in different contexts to enhance the representativeness of the results
and validate the findings in different organizational contexts.

Third, the study depended on data that were self-reported. Consequently, bias might be
caused. Self-reported measures are prone to issues such as social desirability bias and common
method variance, which may have inflated or distorted relationships among variables. Future
research could benefit from using mixed-methods approaches or incorporating external data
sources (e.g., supervisor ratings or system usage logs) to triangulate findings and enhance va-
lidity. However, the verification of results could be ensured if incorporating objective measures
of job satisfaction and work engagement are used in the future studies. Lastly, the study focused
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on demonstrating the correlation between specific variables. Detailed knowledge regarding the
interaction of these variables in different organizational frameworks can be offered if effective
mediating or moderating variables, such as organizational culture or leadership style, are ex-
plored by future research.

7. Conclusion

The findings of the study establish on UTAUT framework to highlight the direct relationship
between work engagement and behavioral intention to adopt E-HRM. In addition, the findings
emphasize the significant impact of work engagement on enhancing the levels of job satisfac-
tion. The findings confirm that social influence is the only factor that leads to significant chang-
es in organizations. These findings provide organizations with useful information regarding
behavioral strategies that can be used to increase the levels of satisfaction and engagement in
work environment. The study recommend that future research could extend the understanding
of behavioral intention through the use of different methodological approaches to investigate
the impact of other factors.
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